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Assessment…stress!

• Context: Second-year 

undergraduate Brand Management 

mid-term assessments launched 

post-ChatGPT

• Challenge: Redesigning 

assessments to measure 

understanding, not rote recall

• Response: Leveraging AI limitations 

to promote critical thinking

• Core Goal: Encouraging genuine 

engagement over AI-driven 

shortcuts
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Results
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Test 1, 98 students
Mean 48, median 49, SD 14 (%)

Test 2, 98 students,
Mean 52, median 50, SD 15 (%)

“The cases used in the tests were interesting, by reading the cases and using 
knowledge from the readings I was able to understand more.”



Caution
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https://doi.org/10.1080/10528008.2024.2417106
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Pedagogical trends
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Wang, H., Dang, A., Wu, Z., & Mac, S. (2024). Generative AI in Higher Education: Seeing ChatGPT Through Universities' Policies, Resources, and Guidelines. Computers and Education: Artificial 

Intelligence, 100326. https://doi.org/10.1016/j.caeai.2024.100326



Guideline for Generative AI Use in Assessment

1. Exams in Controlled Conditions where AI is 

off-limits. 

2. Hybrid Assessments blend in-class activities 

with AI-enabled take-home work. 

3. Project-Based Assessments which fully 

encourage AI use for research and ideation
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Perkins, M., Furze, L., Roe, J., MacVaugh, J.(2024). The Artificial Intelligence 

Assessment Scale (AIAS): A Framework for Ethical Integration ofGenerative AI in 
Educational Assessment. Journal of University Teaching and Learning Practice, 21(6).



The “Enforcement Illusion” of Assessment Validity
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“67.4% of top U.S. universities 
offer GenAI resources for faculty, 

but only 17.8% offer them for 
students”

 
Wang, H., Dang, A., Wu, Z., & Mac, S. (2024). Generative AI in Higher Education: Seeing ChatGPT Through Universities' Policies, Resources, and Guidelines. Computers and Education: Artificial 

Intelligence, 100326. https://doi.org/10.1016/j.caeai.2024.100326



GenAI Policy: Instructor 
Discretion

57 of the top 100 US universities allows 
instructors to determine their own GenAI 
policies in the classroom.

• “Instructor Decides” Policy: 47% of 
universities adopting this policy prohibit 
GenAI by default, allowing it only with 
explicit instructor permission.

• Prohibition by Default: Without clear 
instructor guidelines, using GenAI in 
assignments is typically not allowed and 
may be considered plagiarism.

• Cautious Approach: This policy reflects 
concerns about academic integrity, 
requiring appropriate citation and 
responsibility if GenAI is permitted.
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Wang, H., Dang, A., Wu, Z., & Mac, S. (2024). Generative AI in Higher Education: Seeing 
ChatGPT Through Universities' Policies, Resources, and Guidelines. Computers and 
Education: Artificial Intelligence, 100326.



10

Metaphor Description Positive Aspects Negative Aspects
A double-edged sword Generative AI offers personalization but 

challenges educational integrity, needing 
careful use.

• Transformative potential in personalization 

and engagement

• Augments traditional teaching

• Pedagogical regression

• Educator uncertainty

• Risks to academic integrity

The Elephant in the room Generative AI’s significant but often unspoken 
role in education demands open dialogue.

• Acknowledges the widespread, yet 

unspoken, use of generative AI

• Encourages ethical adoption of AI

• Reluctance to openly discuss generative AI

• Institutional uncertainty

• Concealment of AI usage
An unintended burden Generative AI adds complexity to 

assessment, burdening educators with 
integrity concerns.

• Raises awareness of generative AI’s impact 

on assessment and integrity

• Increased workload in assessment

• Difficulty in discerning generative AI 

assistance

• Blurs the definition and inference of 

originality
A pedagogical paradigm 

shift
Generative AI encourages modern teaching 
but requires careful integration to maintain 
integrity.

• Encourages evolution in teaching methods

• Emphasizes critical thinking and problem-

solving

• Misuse of generative AI tools

• Need for strategic pedagogical adaptation

A new instrument Generative AI opens teaching possibilities but 
demands time for educators to adapt.

• Offers opportunities for innovative teaching

• Requires understanding, time, and practice

• Overwhelm due to rapid technological 

changes

• Disparity in educator preparedness
An escalator Generative AI simplifies teaching but may 

reduce deep learning and critical 
engagement.

• Simplifies the creation of teaching materials

• Highlights the ease of using generative AI

• Risks shallower learning engagement

• Potential for passive learning

• Discerning when to use generative AI in 

teaching and learning over traditional 

methods
A digital compass Generative AI guides education but requires 

clear goals to prevent confusion.

• Provides direction in generative AI 

integration

• Encourages critical navigation of generative 

AI tools

• Need for clarity in learning paths and 

objectives

• Rapid evolution of required skills

A digital tutor Generative AI provides personalized 

feedback, complementing but not replacing 

human teaching.

• Offers context-specific feedback

• Enhances the educational process

• Supplemental role, not a replacement for 

human judgment

• Risk of student overreliance on generative AI

Gonsalves, C., & Acar, O. A. (2025). Identifying discourses of generative AI in higher education. In Generative AI in Higher Education (pp. 28-44). Edward Elgar Publishing.
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Understanding learning

“A process that leads to change, which 
occurs as a result of experience and 
increases the potential for improved 
performance and future learning” 
(Ambrose et al., 2010).

Models of Learning:
• Constructivism
• Fink’s Significant Learning Model
• Kolb’s Experiential Cycle
• Bloom’s Taxonomy

Considerations
• Scaffolding
• Hierarchical dependencies
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Ambrose, S. A., Bridges, M. W., DiPietro, M., Lovett, M. C., & Norman, M. K. (2010). How Learning 
Works: Seven Research-Based Principles for Smart Teaching. San Francisco: Jossey-Bass.



Evaluative Judgement
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Rethinking Critical Thinking
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Revised Educational Objectives

• Transpersonal Skills: Develop intuition and 

mindfulness for insight beyond immediate data 

or logic.

• Interpersonal Skills: Cultivate empathy and 

collaborative thinking and communication 

skills for effective teamwork.

• Exopersonal Skills: Enhance critical, analytical, 

and creative thinking with external 

information.

• Endopersonal Skills: Strengthen foundational 

knowledge recall, understanding, and 

application.
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Panthalookaran, V. (2024). A Revised Taxonomy of Educational Objectives for AI-
Natives: Reimagining Thinking Skills in the Age of AI. Higher Education for the Future, 
23476311241285100.



Shifting student 
behavior

A study of Harvard undergraduates (n 

= 326) found that almost 90% of 

students use generative AI.

Around 25% of students who use 

generative AI find themselves going to 

office hours, asking course staff for 

help, and completing required readings 

less often because of the availability of 

generative AI.
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Hirabayashi, S., Jain, R., Jurković, N., & Wu, G. (2024). Harvard Undergraduate 

Survey on Generative AI. arXiv preprint arXiv:2406.00833.



Opportunities & Challenge 
of Understanding

Stochastic: Language models predict 
words based on statistical 
probabilities, not true understanding. 

They generate text by calculating likely 
word sequences from large datasets.

Parrot: Like a parrot, these models 
mimic patterns without 
comprehension. 

They "echo" language structures from 
training data but lack awareness or 
original thought.
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Can AI Really Reason?

• Pattern Matching vs. Reasoning: AI 

may mimic reasoning without true 

understanding, impacting its 

educational value.

• Thoughtful Integration: A deeper 

understanding of AI’s limits is 

essential to use it in ways that 

genuinely support learning.
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AI Accuracy Drop with No-Op Questions
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Models are getting better, but hallucination is getting worse
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https://github.com/vectara/hallucination-leaderboard



Empowering Responsible AI Use Through Education and Clarity
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Building a Future of 
Supportive Learning

To advance learning with GenAI, we 

must stay adaptable, engage 

thoughtfully, and design practices that 

align technology with educational 

integrity and purpose.
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Mishra, P., Warr, M., & Islam, R. (2023). Tpack in the age of chatgpt and generative AI. Journal of 
Digital Learning in Teacher Education, 39, 235–251.

What are we teaching/assessing?

Why does it matter?

How are we teaching/assessing it?

Does it support learning?

How could we go about it differently?
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